’i) Check for updates

Journal of KIIT. Vol. 23, No. 10, pp. 107-113, Oct. 31, 2026. pISSN 1598-8619, elSSN 2093-7571 107
http://dx.doi.org/10.14801/jkiit.2026.24.10.107

Post-Retrieval Decision RAG: LoRAS &-831 dx} v|A|ZA

o 1
HPM«! 24

,_I_—||_ y

o
*
N
k>
1
2
*

SERI |+, 2R
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Abstract

RAG can generate answers from outdated, insufficient, or unsafe retrieved evidence. This study places a decision
model between retrieval and generation to select clarification, additional retrieval, document currency verification,
abstention, or safety warnings. Three approaches were compared under identical conditions using KOSHA safety and
health guidelines: a procedure-prompted local model, a LoRA-trained local model, and a frontier model given the
same procedure prompt. The LoRA-trained model achieved an 84.3% success rate, approximately 93% of the frontier
model’s 90.7%, exceeding the prompted local model’s 46.1% by 38.2 percentage points. Its inference cost per
dialogue was approximately 1/85 of the frontier model’s. These results show the potential of LoRA-based learning of
decision procedures for air-gapped environments and services requiring frequent decisions.
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Fig. 1. Position of the post-retrieval decision model in the RAG pipeline
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