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Abstract

The ICT field is an environment where various cutting-edge technologies such as IoT, Big Data, Cloud
Computing, Digital transformation(DX), Robot, and Al are emerging. As a strategy to support these technologies, we
are researching and developing a prototype of large-capacity Abyss Storage 1 based on Connected Data
Architecture(CDA) to provide Al services to small and medium-sized businesses. In this study, scalability of storage
and computing resources can be provided by using other storages or public cloud by CDA to utilize distributed
large-capacity storage efficiently, and a technology to support various loT services was proposed. Also, we studied a
number of business models for Al services in various industries. In detail, it is intended to be used in the areas of
smart factory/smart farm, industrial sites and disaster damage analysis, and search engine.
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